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Abstract

This article presents a methodology of
applying data mining through WEKA software.
The method focuses on classification and
modeling of hidden data in order to make
prediction at decision making process. The main
benefit of this article is that the decision tree
presented in this article can be utilized by other
such a Medical

data classifications

Classification, Text Classification, Webpage

Classification and Intrusion Detection System.
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=== Run information ===

Scheme: weka.classifiers.trees.J48 -C 0.25 -M 2
Relation: weather
Instances: 14
Attributes: 5
outlook
tEmMpErature
humidity
windy
play
Teat mode: evaluate on training data
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(=]

S5ize of the tree :

Time taken to build model: 0.27 seconds
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=== Summary ===
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Kappa statistic
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Relative abaclute error
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Total Number of Instances 14

=]
oo e o

MWA 19 Lansdau Classifier Model

#7194 Classifier model AadquaaaluLAaN
#4371918 F9azuans1eiuaanlUnumARAfE
= U o £ ::lgl v
wanldaruauwuniszinndays luunaouils
WARANIINA classification #2833 J48 @aifly

] d‘ dl ] d”d |
Decision tree WULUIY HANLAAS IURIUTIRILTIW
. o e 4
anmouzaed tree  willeuliieglusiaes text @9
/1N decision tree ﬁLi’]@W@m’W’liﬂﬂ’]iLLﬂ@N@

Tnaudaliiidungidulunald wu diaen outiook

= sunny LA humidity <= 75 Nazaauan play

yes 17881 outlook = overcast a¥maLqN play =

yes 138 outlook = rainy Way windy = FALSE az

MW 20 Lansdaid Evaluation on training set

Incorrectly Classified Instances @auiluanan

A ndauaii 14 instance Wi AN uedana

u a

nfied 0 instance (row) WisaAaLllu 0% 289ty

©T)

See

NUA

=== Confusion Matrix =—=

akb <-— glassified as
90| a=vyes
05 | b =no

AN 21 wAANAR Confusion matrix

A2uaa4 Confusion Matrix Aa d91AN1 19191
WuseazidunresnaniIsiuiasesiayausay
AR lARTY A luAadNY Aa AN TAAINNIINIUN

Foematia J48  doumiluuniaziiugiuaasani




duAmeuvirelensreanadatis Ana1seiiisnay
(=3 Y Aﬂl a ¥y a0

Wiuddiayanasa(uioiian play=yes uwazlniag
WAILIMNUIEYNINEAT  play=yes WURAIUIU

v

o . o Ay P
MWNUNA 9 instance TRHANATU AB ﬂﬂHﬂWINLﬂ@

a

Munegnitu dayalu instance  NHAN play=yes
5% a Y v a 1
wsitinase) uhadiayailan play=yes uwsiluinanig
v
Munasullneudnan play=no  WWRA1WIU 5
instance 1iuRafiayanluinaiiueinduiuAaNg
N1R0U9 play=yes 1iulad TALLINAINIIDALNY
wdmauuudfulilElng ARNUNNTE Model LAz

\Aan Visualize Tree

o 5
.
Al
L3
Preci e F-Hraa
— fize classifier errce
i e = -
= o v v
NINN 22 LLAAINTWELN RN mu"l,u
|£:) Weka Classifier Tree Visualizer: 17:09:44 - trees.J48 (weather) =] = ]
Tree View
=sunny = overcast = rainy
:.’ |
=74 =78 =TRUE =FALSE
wen  wes]  may  wen

A 23 unudssuldvesdieys weather

6. unagl
unaxRgInsildnauedsnslseansli
gawuasinfinluanuitumilesdieya Tnayadiulil
dl [ o o ¥
nnsa3uLLAIaesniauunlszinndeya lne
Wsuldiniasndulanniuiersesiia ivalselaad
o 1 v dl a dgj
nisluniunenquieyanaziiniuluauinn
1 < o A ¥ 3 =
agglafimunisinuundssinnlumilesdioyatiu &

aa dl 1 ad ca o

WAINUALAD TIUAALATANqALABUANGNaTW]

|d| dyo ada ¥ v o a
wANUN A NTNLaUedTARlNsARAW A e
] 1 =S ) v ] v 1%
dresanisAnsuazinaniinla anuuniayals
2R FIuAT UL ANEN N PaanaudNNNTanTAE

TuWawdelusunsulszgnaléidne
:/, e‘dl v d”d

wananuudsrlaadnlfannunalanuiine

o aa vy v o a all o
a1u1701193 86w ldn s udnlantiniaualy
dszgnaldlunisdanuundeyadus 1w n19auun
ﬂ@juzﬁm@mﬂmuwﬁ(l\/ledical Classification)
Iayalanadns (Text Classification) da3aLiuInNa
(Webpage Classification) ?zuumw‘-ﬁ"ummﬂgﬂ

(Intrusion Detection System) Wlsin

7. 1an&n9a1989

[1] lan H. Witten, Eibe Frank, Mark A. Hall,
"Practical Machine Learning Tools and
Techniques" , 3rd Edition, Morgan Kaufman
Publishers, 2011.

[2] Han and Kamber, “Data Mining Concepts

and Techniques” , San Francisco, Morgan

Kaufmann Publishers, 2006.



[3] Pang-Ning Tan, Michael Steinbach, Vipin

Kumar, ‘“Introduction to Data Mining",
Addison Wesley Publishers, 2005.

[4] Fayyad, U., Grinstein, G. and Wierse, A,
"Information Visualization in Data Mining and
Knowledge Discovery", Morgan Kaufmann
Publishers, 2001.

[5] Fayyad, U., Piatetsky-shapiro, G., and Smyth
P., "Ffrom Data Mining to Knowledge

Discovery in Databases", Al Magazine,
Volume 17, 1996.

[6] gnaw tadu. 'n1sdszyndldmaiianisia
mﬁmfﬁwaiuﬂwﬁquwa‘zﬁuiﬁnfggmm",
ANYIUNUT TAINTINANGATNUNTTUN B
AT RAINIIUNTNENITN UVANENFe
ATUIAEINIZAaNINANBU]T, 2546,

[7] Wor Asvatade U3eyoyn aaoudmsd uaswe

A, N19ANHINAAAILNATLANITAN

it}

ATUAN MU LA BANETNNNIAAUNIAUY 1D

wnansnielng”,  Ans@IanenAnan’
ananszily, 1 2552

[8] Hior Asvatate Udeysyn adudms uazwen
fida, "nauBouifiennisiiuasiningail
AMUFULAANBINNNIITANNIANYLANANT
nlng”, AnransananAanianangzals, 1
2553.

[9] http://www.cs.waikato.ac.nz/ml/weka/

[10]David Scuse. "WEKA

Peter Reutemann,

Experimenter Tutorial for Version 3-5-8",

WEKA Manual, 2008.

[11]Richard  Kirkby, Eibe Frank, Peter
Reutemann, "WEKA Explorer User Guide for
Version 3-5-8", WEKA Manual, 2008.

[12] Quinlan, J. R., "C4.5: Programs for Machine
Learning", Morgan Kaufmann Publishers,
1993.

[13] Bamshad Mobasher, "Classification via
Decision Trees in WEKA",http://maya.cs.
depaul.edu/classes/weka/classify.html

[14] Croce Danilo, Roberto Basili, "Decision tree
algorithm short Weka tutorial”, http://art.uni
romaz2.it/basili/MLWMO09/002_DecTree_Weka
pdf

[15] Zdravko Markov, "An Introduction to the
WEKA Data Mining System", www.cs.ccsu

.edu/~markov/weka-tutorial.pdf



	การประยุกต์ใช้ซอฟต์แวร์เวก้าในการจำแนกประเภทข้อมูล
	บทคัดย่อ
	Abstract


